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= Cloudera (1)
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BERERED *ﬁ}f?t&(Analytlcs Process)pruTuE(Demgn ul) -

Prepare m Visualize Compose Share

File Edit View Data Help
Final Score.xisx/ T{E#1 & Analysis1 v
statistical Summary Chart
Column = Distribution Count Min Max Range

drop I.. 29 0 8 8
0 5
Middle-term score 29 44 88 P
6 80
Final Score 29 40 90 50
1 e 80
log 29 1.60206 1.85424 0.35218
17 18 19

2.66892

12.08916

12.49956

0.08301

®

% Correlation Matrix

Data Grid

Data Insight
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1. FEABE2 M Association
> Apriori
2. ¥ Classification
» Auto Classification
» Bagging Classification

» Boosting Classification

» Random Forest Classification
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: Clustering 734
» Auto Clustering
» R-K-Means

4. REEK DT Decision Trees

IR _Raw Data _ Tom _ 0911556363.csv
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IR_RawData_Tom_..  [W Analysisi - vesigner [T
Decision Tree ®
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File Edit View Data Help Prepare m Visualize Compose Share @
IR_RawData_Tom _.. = [m Analysisi o TR Results |
Confusion Matrix ®
® IR_RawData_Tom _09115563(
2X2Matrix  Model Accuracy: 0.83
Actual 0 1
Predicted
.
0 1M1 20
1 7 20
Data Grid
Derivatives i
. Summary
Derivative . (o . Negative
e Precision | Sensitivity = Specificity Prediction ;
.
0 0.94 0.85 074 05
1 05 0.74 0.85 0.94
IR_Raw Data_Tom _0911556363.csv | Showing: 1581158 Rows - 1343 Columns Never Refreshed | - AsEros | @

: SRR AIES Neural Networks 24T
» R-MONMLP Neural Network
» R-NNet Neural Network
6. BEB¥{EDHT Outliers
» Inter Quartile Range
» Nearest Neighbor Outlier

7. 3BEF3HT Regression

File Edit View Data Help Prepare m Visualize Compose Share @]

Test data for PA xisx/L{E. W Analysist v Designer m

Algorithm Summary

Sunmary of the model from R Scripta Test data for PAXSWT {E&1
Information of the columns used in the algorithm R-Multiple Linear Regrt n

Independent Columns
city : Integer
channel : Integer
Loan : Integer
English : Integer
Dependent Column
Ave Score : Double

Summary of the Model

call:
In(formula = Ave_Score ~ English + Lon + channel + City, he.acticn = na.omit)

Residuals:

Data Grid
Min 19  Median 3 Max
-12.0612 -2.5416 0.838%  3.4732  4.4348 ’
Estimate Std. Error ¢ value Er(>Itl)
(Intercept) 48.7638  11.9845  4.089 0.00225 ** summary

English 0.2618 0.1188 2,186
Loan 3.1899 3.1009  1.028
channel 4.5043 1.2543  2.832
ity -0.9173 1.5358 -0.597

Signif. codes: 0 'ks' 0.001 'R¥' 0.01 ' 0.05 '.' 0.1 ' 1 Trend Chart

Residual stenderd error: 5.217 on 10 degrees of freedom
Multiple R-squered: 0.5745,  Adjusted R-squared: 0.4043
F-statistic: 3.375 on 4 and 10 DF, p-value: 0.05402
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N
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Create New R Extension

General m Settings

Script Editor * (i) # Load R Seript

- r
LogRege- function( lumns) o

{

PSS [ Lurns]

lrmodel<-glm(formula= ¥ ~ family=pbinomial (link="10git"), data=InputDataFrame)
result<-lrmodelsficted;
#predict (1r_model, InputDataFrame)

10 output<- cbind (InputDataFrame, result)

11 return {list(lrmodel=lrmodel,out=output))

12

1
2

3

4 i

5 y<-InputDataFrame [, DependencColumns]
[

H

]

Primary Function Details: (i)

Primary Function Mame:* Input DataFrame: Qutput DataFrame:* Model Variable Name

| —select- ~ || -setet ] [Enter Output DataFrame | [Enter Model Variable
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Copy to clipboard

Choose an export size
© Small (640x480)
® Medium (800x600)
© Large (1024x768)

: EIEREL

4. & f#t SAP #t 2 (Community Network) Fr € #t 2 Open Source
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N BEEREEET (Automated Analytics)

—  EREYKRBENRSENEX -  EABRHEZEREI - 2B KBERE
RIETTEENERIREI DT -

— ~ Modeler
> Classification/Regression Model
» Clustering Model
» Time Series Analysis

» Association Rules

BusinessObjects Predictive Analytics® =] = 2|
File Help

Data Manager

Welcome to

Automated Analytics

Predictive Analytics®

Social
Recommendation
Expert Analytics
; qﬁl Modeler
Toolkit L

Create a Classification/Regression Model
Create a Clustering Model

Create a Time Series Analysis

Create Association Rules

Load a Model

A4

D'_‘I Subscribe to the newsletter ‘i Ask a question in the Predictive Analytics community
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BusinessObjects Predictive Analytics®

— ~ Social

>

>

Social Network Analysis
Colocation Analysis
Frequent Path Analysis

Social Network Analysis Model

= (=8 %= |

Eile Help

Data Manager

Automated Analytics
Modeler
Recommendation

Expert Analytics

Toolkit

D—g Subscribe to the newsletter

BusinessObjects Predictive Analytics®

>

Welcome to

Predictive Analytics®

IV,i :
% Social
@

Create a Social Network Analysis
Create a Colocation Analysis
Create a Frequent Path Analysis

Load a Social Network Analysis Model

»

‘i Ask a question in the Predictive Analytics community

] « Recommendation

New Recommender

=) =

2

File Help

Data Manager
Automated Analytics
Modeler
Social
Expert Analytics
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Database j§ Hadoop

2k FEZRG - FIEEERE
. Serverlm : 8 %y - RAM 32G -

. Client I : 4 21 ~ RAM 16G -

Server I : Windows Server 64-bits ~ Linux + AIX -

Client I : Windows Desktop 64-bits -

Bl - AR ETRHRAL
. ORGIEDDER - BAERIB TR -
. REBAERETE - BAKBBOWESMHMR -

#EHABEETE  ESEY  BEENTEILER -
AN - OIEERBRIBEKESIMNE Open Resource(RZEE) -

BERRIVAERRAZEZRED - NERRAE]E -
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. RunSimple : ESMEBEMCZER - WRHESHCBTRED -

Run Positive : IERIEFHEBEAOIER - RAZSITTIEZEIB T -

Run Real : olikIBEIB 2T - SRIVEIERNBEFORK ~ 178 -
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Run
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Run
Real
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IG5 - SAP HANA 12— EIRCERVER EM - B ERKRERRRZER -
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Supports any Device

L

saL MDX R JSON  Open Connectivity

SAP HANA Platform
Extended Application Services
App Serverl Ul Integration Services | Web Server
Processing Engine
OLTP | OLAP | Search | Text Analysis |Predictive | Events | Spatial | Rules | Planning | Calculators

Application Function Libraries & Data Models
Predictive Analysis Libraries | Business Function Libraries | Data Models & Stored Procedures
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Integration Services
Data Virtualization | Replication | ETL/ELT | Mobile Synch | Streaming

—. TBRIEHERE

1. Database Service

>

>

>

>

In-Memory Database
Data Modeling
Multitenant Database

Multi-Tier Storage

2. Analytical Processing

>

>

Machine Learning
Predictive Analytics
Spatial Data Processing
Text Analytics and Search
Series Data Processing
Stream Data Processing

Graph Data Processing
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Any Apps SAP Business Suite
Any App Server and BW ABAP App Server
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Application Development

» Application Development Services
» App Development Languages
i.  SAP HANA SQLScript
. Sever-Side JavaScripts APIs
ii. R Script
» App Development Tools

i.  SAP HANA studio — an Eclipse-based integrated
development environment (IDE) for data modeling,
app development, database administration, and

security

. SAP Web IDE - a browser-based development
environment that includes built-in tools for application
lifecycle management

iii.  ABAP — a development environment for experienced
ABAP programmers that includes optimized tools for
building SAP app extensions on SAP HANA

» Core Data Service
» Function Libraries

» Application Lifecycle Management

4. Data Access and Virtualization Capabilities

» Data Federation
» Data Integration and Replication
» Data Quality

» Remote Data Sync

Administration




» Capture and Replay
» High Availability and Disaster Recovery
» Virtualization
» Monitoring and Administration
> Platform Lifecycle Management
» Security
Protection
» 3-Tier Application
» Access Control
» Secure Configuration and Encryption

» Tools and Data Center Integration
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> OJE1TIR VMware £ - ERESIEER - BROEEIR
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BB (Deep Learning)

AR ar AR

Tﬂ

- BEZ NVIDIA REEZE (Deep Learning)EH

. £ GPU IEERIF L TIFR S

HRBRIRAIATEE  BASUEEE (HPC) ERDORRELRIKE
EZEHEAVEATE - NVIDIA Pascal GPU 2 NVIDIA® Tesla® MREEF S5
BEBRNERPOTREANEES - EEEHIERBARE - BB TIFR
HURBEARRENTIFES -

—. BRRESVUEER

EANLEE A) RN - ZF 22 2R RECENTEEBRNBETTES
RE - WMEBXREANFZALIESRE - B551ZF - BB NEAHER
REEFHN—/NED - E =R ERENBERZE RS - ALTESHRED

R -

]

NVIDIA Pascal GPU AT EZSHRHANEZSIZE - o IERMNEFZRY
REBEEAREI  SREENERERER -

TRAINING INFERENCE
DATA CENTER DATA CENTER

TRAINING INFERENCE
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http://www.nvidia.com.tw/object-preview/deep-learning-tw.html
http://www.nvidia.com.tw/object-preview/drive-automotive-technology-tw.html
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PCle Z/HHJI NVIDIA Tesla P100

SUEEEERPLBZRENBEIMMRABAGHURNEET K - BEFE
ZIEFINATERE - BEZERBESHHMNEL ZFTERENEERINGT -
FUARKIRIEN - AIASFLEAIR A B R OEE

PCle 89 Tesla P100 #ESHTFRESUEESE R P/OBELE — IR -
IR EZFEWEE CPU &k - BEtEZESUEERRAREN LRHAE
HEZAE - B 8B 400 E5EEES MEBAEIN(EER 10 KEMBEE
SRARENTN I IBEAEN)  BEEUSMEEREFEIJLRREIT
ERESRAENBRZRTT - BINEEHEMAE -

H)ef

. TEZE GPU IN&REE ?

GPU NiREZ HRIELBFEEE T (GPU) BE CPU - FBLUNERIE ~ 247 -
T - HEMEZEER - NVIDIA B 2007 F-ERELHE GPU MNRsS - IR
ERERSIHHOBEERZ - A2 - EEMP/NERESEREER P OB REA
RMBERL D - GPU BRAE ~ FH - FIRER - RIT[REBAFT TSR
ERENZEE -

GPU X117 1E 71 FEFF FE ZU I/

GPU NREERHAIFT R RNERNEE - sciERE T EEREN TEE
5E% 2 GPU - XIEEE CPU #1iTHMZZS - WHERERERE  BEHEAWN
HITIEERBERZS

How GPU Acceleration Works

Application Code

Rest of Sequential
CPU Code



http://www.nvidia.com.tw/object/gpu-applications-tw.html

CPU £ GPU HIILE

EEEX CPU Al GPU RIEBEFFRI AT - B EREEME ZBNERE - CPUS
BHEEZD - ARBBEFNFIEREETREL - GPU RIZBETEE/NE
BEEsERNZL EREREESEXHETHEL -

+

CPU GPU
MULTIPLE CORES THOUSANDS OF CORES

: GPU BB HTEZL - BEAWEEFITER
. INERAFRIERY L3R KRN ER

FHEER P FERINEEEFE

sHHER T EREEAERMNE - NVIDIA® Tesla® NMEFEFFSBELER
REE - IEFeEa 2 HRERERN GPU ME:R - BHRERAN CUDA® 17
EEEA S DR—ERREREE - REHEBEAERPLOARRISERER
MSSBERZR - SEANBINEZIRKAEE - BELENZTEEEE - RER
Ak - I BEFE RNWERRMEEIIEHXIE - Tesla FRERHESN
FEEEEREEER T OERRER s kmBMEEAEANTIA -

FUSH TESLA_JIZEEE F 51175 B R R 7% /Z

DATACENTER INFRASTRUCTURE DEVELOPMENT

W Communication Infrastructure Development Software
ators. Tools Applications

GPU Interconnect System Compiler Profile and Libraries

Accelerators Management Solutions Debug

TESLA ACCELERATED COMPUTING PLATFORM

1E R R EALINEE
REBERAEZHRERAEINNAEE - EEEXNERBNEAEINMEKX
MR FREE - MAIRREEEZHERENNESR - LEEENERR
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https://developer.nvidia.com/about-cuda
https://developer.nvidia.com/about-cuda
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ht ~ BRI R EIR UL ERRRIERVBET] - IR ERMRER B Z PhFR 15 AEE
ZERHSE - NVIDIA Tesla IR EEFaEmEEFIBN—T] - ERE - 2
i~ I BB REXRERAEA P REEEMICAIRIEE -

T RERRIFHT GPU_JI% 55

® 7t Tesla K80 GPU Mik=8 LREEBIRS4E 2.91 TFlops WERBE K &2

8.74 TFlops KBS E AL -

£%F NVIDIA® GPU Boost™#ilisE /B —TEEFAE VIR H & ARHIMEAE -

HEEANEIBE  MAREENR LB (Tesla K80 GPU MNikzs

9 24 GB)IBINRLEE -

o FAMRIRFCIRASIER (Tesla K80 GPU fNi#kzs /Y 480 GB/s)LUEMEILE -
TEREIBTE N ERDACHR AN -

® GPU ABFECIEAEA ECC BrEtkHl, E R oS E B A+T#r, 500 GDDRS #
B ECC plus o282 Eh 2% 5= F Bt 1%

RZEHI 5T

® RZE NVIDIA NVLINK 35 52 i 1% 12 12 =022 i {5 IR 20 BE

® Tesla GPU NNixzzAI% DMA 5| ZaEIE HHRIEA & m 3B -

® XA NVIDA GPUDirect - o] LIRS EERL - BEEAEEFERE - UK
GPU ZfERVEAT -

O] SRR T I & FE
A NVIDIA 24 &3 T BEofsefR N R EE GPU &RE -
TZEZERM InfiniBand, CUDA 1 OS BEEIFZ = -
AR Windows OS M&28E CUDA E&Ehi2 = 0B/ CUDA Z /DO HIEIR
HFENLBERYIF Windows Remote Desktop F1 Windows Services -
® FEMH Tesla GPU MNiRzspIE 17 SR EE BRI R (ISV Certification) - B 1Y
EEREI R B B -
DR A RE IR
EH¥IPTA Tesla EmIERRBE =ZFROBESRIE -
TS E EmIBRIEAS IR EIR



http://www.nvidia.com.tw/object/software-for-tesla-products-tw.html

7N. falAREs A TESLA GPU MNik=3

““WinFast GS4820A Support 8x GPUs WinFast GS2020 Support 4x GPUs

A NVIDIA Tesla® GPU NNiReSMNE M & ESTAY HPC ~ #ARR (Hyperscale)
MEXEERDPOLTIEESH -

BEMBREEERREGE * E5 2 EZEARNERT - LI&ESE CPU
R 10 BREREEIEE Petabyte FIEH} - LS - Tesla NIEERRAE IR BT
IREFBRENTEABEFRSGRAIUEE - BREFE VDI BIEFEER - Tesla
INZR =32 RE 173 BN (1o 52 F & Ba R BE 3t 101728 (2 E =2 FI Y SE 52 4 -

NVIDIA Tesla P100 Performance

S0X
2X Kgo* [ 2X P100 [ 4X P100 M 8X P100 --- CPU

| ; HH HH H

Caffe/AlexNet VASP HOOMD-blue COSMO MILC Amber HACC

-
2

w
2

Application Speed-up
8 R

8

Dual CPU server, Intel ES-2698v3 @ 2.3 GHz, 256 GB System Memory | * M40 for Caffe/AlexNet

CPU: 12 #it ~ E5-2697v2 @ 2.70GHz - 64GB % #isC1E52 - CentOS 6.2 - GPU: E— Tesla K80 ~ Boost B{FH - 5 & — Tesla K40 - Boost B{F
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http://www.nvidia.com.tw/object/deep-learning-tw.html
http://www.nvidia.com.tw/object/enterprise-virtualization-tw.html
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PUE SR TESLA GPU JER/RAVE R0

NTEZ

Tesla P100

ERRBXNEE NGB/ D ERBIFTENILRERD - Tesla P100 fNZR

AR AR o] #2H0 NVIDIA 23 Pascal ZRBRIMEERS R E 2 BRI B RS
FRDBERX -

Tesla P4 #] P40

Tesla PA0 ERREESNRAEREHRBAEMIE - BEBSUERH
Tesla P4 #Ea&ET Lol EBNMES RERV ARSI R LIF -

BRLEEETE

Tesla P100

NVIDIA Tesla P100 2 HAI&TEN MRS - ERBIMSMEFTEE R F/OH

XQ an °

Tesla K80

NVIDIA Tesla K80 GPU 2t R FHSENAE RGO GPU - RN BE
400 I EM B EEERMNTENFTEEH/ER -

IEFEEHEE
Tesla M6

Tesla M6 GPU M=z 22 F15 E R R E BB R FOPTRETH -
&% GRID £ii7 -

Tesla M60

Tesla M60 GPU ME=RZ2EM A EFRERE B NWER POPIRRETRY - E—
LR AE GRID Al -



http://www.nvidia.com.tw/object/tesla-p100-tw.html
http://www.nvidia.com.tw/object/accelerate-inference-tw.html
http://www.nvidia.com.tw/object/tesla-p100-tw.html
http://www.nvidia.com.tw/object/tesla-k80-tw.html
http://www.nvidia.com.tw/object/grid-technology-tw.html
http://www.nvidia.com.tw/object/grid-technology-tw.html
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NS R CRNNRES
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B : BE= WinFast GS4820 falfkzsfc & NVIDIA Tesla K80 *3

RYPIBIEBRE D - TIRZBAPNEXBRTIERED - WRFAEEIRE
10~15 15

BR8] - REMNZEEA

B A : = WinFast WS1020 Ed & NVIDIA Quadro K420 *1 £ NVIDIA

Tesla K40 *2

BRHRESARR  EZFARED S5 BHNERRAEAERENES L/

EEF%

BERE - BELREE
B : BE WS2020 fic & NVIDIA Quadro M6000 *2 E2 NVIDIA Tesla
K40 *1
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B EmMNRE - SEEMRMEL - WEBEAINEMFEEBT PR - TH

PrEEAN - EEMEMEETSHERE - KBEIAINGER KB Intel - NVIDIA -

VIA + SiS ~ ZORAN ~ TI ~ ESS ~ Lucent * SiRf KEXFE KM SAP E4 R IEH AR

% olBEESEINETEAAERIN - TAHESEKEE  TEZHE - %

R~ BB - REEBRASNTERN  REPRESRFERTRKZERBRAAR
(Total Solution) -

l]' /
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BB (MEZEMEN  BHEBERBES  BEllE /\H
~E]EFE + 02-8226-5800 1% 718 -

EMAIL : eileen_lan@leadtek.com.tw

~E#BLE : http://www.leadtek.com/cht/
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